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Agenda 
 
 

1.  Political Protest in 2011-12 surrounding the Duma and presidential elections in Russia on Twitter 
 

2.  Ukraine Revolution and Crisis in 2014 on Twitter  
 

3.  Parliamentary debate on the Grouse Shooting e-petition (and other) on Twitter in the UK 
 
 



 
 
 
 
 
Approach 
 

Data: Twitter data between November 2011 and mid 
March 2012 (Twitter Spritzer Sample) via Twitter 
Streaming API. Collected data filtered for Russian 
language and political context, cleaned from SPAM, over 
600,000 Tweets. Not a representative sample, but all 
Russian political groups represented  
 
Methods: Natural language processing, Twitter users 
classification, Social Network Analysis, Statistical 
Analysis 
 
Argument: Russian government has used social media 
(Twitter) to affect population’s perception of the popularity 
(mobilisation level) and legitimacy of the oppositional 
protest movement. Government’s communication power 
strategies (e.g. framing, priming, agenda-setting, 
indexing) were more successful then the oppositional 
counter power strategies 
  
 

 
 
 
 
 

 
 
 



Twitter discourse between November 2011  
and March 2012 (Ngrams) 
	



Classification results: political camps & their activity patterns 

pro Putin (439 users)

pro Opposition (285 users) users not assigned to either faction (276 users)

α = 3.14 ± 0.27
xmin = 42 
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Distribution of tweets per user: 
red lines mark the best fit of 
the power law tail of the 
distribution with 95% 
confidence intervals.  



Contribution of core Putin supporters to the discourse 



Actors and their communication strategies  

Main Hubs  Description Political Camp In-
Degree 

TV Channel Rain Most Popular Oppositional 
TV Channel Pro-Opposition 112 

Interfax Main Russian News 
Agency Core Pro-Putin 110 

Russia Today Most Popular 
“Propaganda” Media Core Pro-Putin 109 

Kashin Journalist and novelist Pro-Opposition 98 
Vladimir Soloviev Journalist on Rossiya 1  Pro-Putin 95 

United Russia pro-Putin Party United 
Russia Core Pro-Putin 93 

Government 
Newspaper 

Newspaper published by 
the Russian Government Core Pro-Putin 81 



Conclusions 
 
•  Initially the opposition dominated the discourse on 

Twitter, but the pro Putin camp managed to shift the 
discourse in Putin’s favour  

•  The pro-Putin camp was capable of doing this 
because of officials’ and mass media (core Putin 
supporters) involvement in the Twitter discourse, 
resources!  

•  The pro-Putin campaign on Twitter contributed to 
feelings of futility and disillusionment on the side of  
the opposition and to a weakening of sympathy for  
the protests on the side of the general public  

•  The pro-Putin camp was able to exploit the existing 
weaknesses of the protest movement like 
fragmentation and to aggravate those weaknesses 
through an anti-protest campaign  

  
 
 



 
 
 
 
 
Approach 
 

Data: Twitter data between October 2013 and Septem- 
ber 2014 (Twitter Spritzer Sample) via Twitter Streaming 
API. Collected data filtered for Russian and Ukrainian 
language, tweets identifiably from Russia removed 
 
Methods: Natural language processing, Twitter users 
classification, Sentiment Analysis, Geospatial Analysis, 
Statistical Analysis; Using Twitter Data to parameterize 
a Bounded Confidence XY Model on Opinion and 
Territorial Split 
 
Argument: Level of emotional intensity is a major driving 
force for polarization that can lead to a spontaneous 
onset of collective behaviour at a certain degree of 
homophily and conformity. We find that the critical level of 
emotional intensity corresponds to a polarization 
transition, marked by a sudden increase in the degree of 
involvement and in the opinion bimodality 
  
 

 
 
 
 
 

 
 
 



Unfolding of the polarization dynamic  



Opinion and Territorial Clustering 



Conclusions 

 
•  Our analyses demonstrate clearly the importance of 

emotional intensity for polarization, a factor that has 
been largely ignored thus far in classic theoretical and 
empirical literature on polarization 

•  Our analysis seem to suggest a link between 
polarization and separatist trends. The polarization 
dynamics in February 2014 in the data and simulation 
increases in fact further around April and May 2014, 
when the self-declared Donetsk and Luhansk People’s 
Republics were formed in the South-East of Ukraine. 
This seems to suggest that the opinion split may 
facilitate the separatist trends on its own.  

  
 
 



 
 
 
 
 
Approach 
 

Data: All Twitter data with #GrouseShooting hashtag on 
the day of parliamentary debate(s) as well as the day 
before and the day after collected via Twitter Streaming 
API 
 
Methods: Natural language processing, Semantic 
Network Analysis, Twitter users classification, Sentiment 
Analysis, Social Network Analysis  
 
Argument: Twitter debates can reveal how people 
perceive the e-petitioning process (i.e. parliamentary 
debate of the e-petition), but they are disconnected from 
the parliamentary debates in every possible sense  
 
 

 
 
 
 
 

 
 



Oral evidence session vs. parliamentary debate session  



The disconnection  



Conclusions 

 
•  Public tends to reflect in a more polarised way to 

parliamentary debates than to oral evidence session 
•  Parliamentary debate of the e-petition can be quite 

disconnected from the actual petition and public 
debate of it. People perceive this as procedural 
unfairness and get quite upset. Long-term democratic 
consequences?  

•  Lobby groups and individuals with (traditionally) strong 
links to (tory) MPs prevail even if in minority  

  
 
 

h#ps://www.psa.ac.uk/sites/default/files/conference/papers/2017/Twi#er_discussions_on_e-pe??ons_MA_CLB_VS_PSA_April2007.pdf	



What can data analytics of Twitter data teach us about  
failed revolutions and political change? 
 
1.  Those with resources (money, time, state infrastructure, access, etc.) can shift debates and make people lose confidence 

in revolutions and/or political change 
2.  Strong emotions drive polarization and divisions that become increasingly irreconcilable and (social) media, including 

Twitter, facilitate the emotionalization of debates. Revolutions and political change often fail because of divisions.   
3.  Those with representatives’ support will win, no matter how prominent their arguments are on social media (or whether 

they have considerably less signatures). Dominating social media discourse (or the e-petition platform) is not correlated 
with political success. 

 

Don’t want your revolution being stuck on Twitter? 
 
-  Make sure you get sufficient resources (to buy your own troll army) 
-  Avoid divisions if you can (or, make sure everyone is angry about the same thing as you are, so, buy your own troll army)  
-  Don’t talk to bots and trolls, target those who decide 


